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Abstract 

Objectives  Poorly visualized images that appear during small bowel capsule endoscopy (SBCE) can confuse 
the interpretation of small bowel lesions and increase the physician’s workload. Using a validated artificial intelligence 
(AI) algorithm that can evaluate the mucosal visualization, we aimed to assess whether SBCE reading after the removal 
of poorly visualized images could affect the diagnosis of SBCE.

Methods  A study was conducted to analyze 90 SBCE cases in which a small bowel examination was completed. Two 
experienced endoscopists alternately performed two types of readings. They used the AI algorithm to remove poorly 
visualized images for the frame reduction reading (AI user group) and conducted whole frame reading without AI 
(AI non-user group) for the same patient. A poorly visualized image was defined as an image with < 50% mucosal 
visualization. The study outcomes were diagnostic concordance and reading time between the two groups. The SBCE 
diagnosis was classified as Crohn’s disease, bleeding, polyp, angiodysplasia, and nonspecific finding.

Results  The final SBCE diagnoses between the two groups showed statistically significant diagnostic concord-
ance (k = 0.954, p < 0.001). The mean number of lesion images was 3008.5 ± 9964.9 in the AI non-user group 
and 1401.7 ± 4811.3 in the AI user group. There were no cases in which lesions were completely removed. Compared 
with the AI non-user group (120.9 min), the reading time was reduced by 35.6% in the AI user group (77.9 min).

Conclusions  SBCE reading after reducing poorly visualized frames using the AI algorithm did not have a negative 
effect on the final diagnosis. SBCE reading method integrated with frame reduction and mucosal visualization evalua-
tion will help improve AI-assisted SBCE interpretation.

Keywords  Artificial intelligence, Capsule endoscopy, Frame reduction, Mucosal visualization

Open Access

© The Author(s) 2024. Open Access This article is licensed under a Creative Commons Attribution 4.0 International License, which 
permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long as you give appropriate credit to the 
original author(s) and the source, provide a link to the Creative Commons licence, and indicate if changes were made. The images or 
other third party material in this article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line 
to the material. If material is not included in the article’s Creative Commons licence and your intended use is not permitted by statutory 
regulation or exceeds the permitted use, you will need to obtain permission directly from the copyright holder. To view a copy of this 
licence, visit http://creativecommons.org/licenses/by/4.0/. The Creative Commons Public Domain Dedication waiver (http://creativecom-
mons.org/publicdomain/zero/1.0/) applies to the data made available in this article, unless otherwise stated in a credit line to the data.

BMC Gastroenterology

†Dong Jun Oh and Youngbae Hwang contributed equally to this work as 
co-first authors.

*Correspondence:
Yun Jeong Lim
drlimyj@gmail.com
1 Department of Internal Medicine, Dongguk University Ilsan Hospital, 
Dongguk University College of Medicine, 27 Dongguk‑ro, Ilsandong‑gu, 
Goyang 10326, Republic of Korea
2 Department of Electronics Engineering, Chungbuk National University, 
Cheongju, Republic of Korea
3 Department of Internal Medicine, Chung-Ang University Gwangmyeong 
Hospital, Chung-Ang University College of Medicine, Gwangmyeong, 
Republic of Korea

4 Division of Gastroenterology and Hepatology, Department of Internal 
Medicine, Kyungpook National University Hospital, Daegu, Republic 
of Korea

http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/publicdomain/zero/1.0/
http://creativecommons.org/publicdomain/zero/1.0/
http://crossmark.crossref.org/dialog/?doi=10.1186/s12876-024-03156-4&domain=pdf


Page 2 of 8Oh et al. BMC Gastroenterology           (2024) 24:80 

Introduction
Small bowel capsule endoscopy (SBCE) is the primary 
process in the diagnosis of various small bowel (SB) dis-
eases, such as suspected obscure gastrointestinal (GI) 
bleeding, Crohn’s disease, SB tumor or polyposis, and 
celiac disease [1–3]. SBCE is patient-friendly, but bur-
densome to physicians because of its long reading time 
[4]. Also, because SBCE cannot cleanse the mucosa, 
poorly mucosal visualized images inevitably appear dur-
ing SBCE reading. These poorly visualized images not 
only interfere with the accurate interpretation of SB 
lesions, but may also lead to re-examination [5]. A previ-
ous meta-analysis reported that the rate of well visualized 
images was only 49% when bowel preparation is not per-
formed for SBCE [6]. Even with bowel preparation, poor 
visualization (mucosal visualization < 50%) was reported 
in about 13% of the cases [7].

However, the physician cannot manually and accurately 
skip only poorly visualized images that appear unexpect-
edly during the whole SBCE frame. Focusing on poorly 
visualized images will exhaust the physician. Poor image 
quality such as opacity, blurriness, and contrast can also 
negatively affect lesion detection [8]. If poorly visualized 
images can be removed using an artificial intelligence 
(AI) algorithm, it can reduce the number of SBCE frames 
to be read and reduce the burden of SBCE reading. Fur-
thermore, if only clearly visualized images are inspected, 
the SBCE reading can be done quickly and efficiently.

Recent studies have developed AI algorithms that can 
automatically measure the SB mucosal visualization score 
(1: very poor to 5: excellent) [9, 10]. This study aimed to 
compare the diagnostic concordance in SBCE diagnosis 
between whole SBCE frame reading as a conventional 
method and frame reduction reading after automati-
cally removing poorly visualized images using this AI 
algorithm.

Patients and methods
Study data source and variables
Anonymized SBCE (MiroCam, Intromedic Co., Ltd., 
Korea) cases from other institutions from January 2020 
to December 2020 were used in this study. Ninety-nine 
cases of SBCE were identified, and incomplete studies 
in which cecal transit was not confirmed were excluded. 
Ninety SBCE cases were finally enrolled, which were not 
used and involved in a previous AI algorithm study.

Based on the electronic medical records and SBCE 
images, the following variables were analyzed: reason for 
SBCE, SB transit time, SBCE reading time, SBCE lesion 
(inflamed lesion, hemorrhagic lesion, polypoid lesion, 
vascular lesion, and nonspecific lesion such as lymphan-
giectasia, diverticulum) [11], SBCE diagnosis [Crohn’s 
disease, bleeding, polyp, angiodysplasia (including 

angio-ectasia), and nonspecific finding], and mucosal vis-
ualization score measured by the AI algorithm. Informed 
consent for study participation was obtained from all the 
subjects. This study protocol was conducted in accord-
ance with the guidelines of the Declaration of Helsinki. 
It was approved by the Institutional Review Board of 
the Dongguk University Ilsan Hospital (DUIH IRB No. 
2018-10-009).

Frame reduction of poorly visualized images using AI 
algorithm
In this study, a validated AI algorithm was applied to cal-
culate the visualization score of each SBCE image using 
a 5-step scoring method: score 1, very poor (mucosal 
visualization < 25%); score 2, poor (mucosal visualization 
25–49%); score 3, fair (mucosal visualization 50–74%); 
score 4, good (mucosal visualization 75–89%); and score 
5, excellent (mucosal visualization > 90%) [9, 10]. Using 
this AI algorithm, the mucosal visualization scores for 
each image and case were derived. Subsequently, very 
poor and poor visualization images, defined as poorly 
visualized images, from whole images were removed, and 
the remaining SBCE images were saved separately.

SBCE reading methods with the whole frame and frame 
reduction reading
Two expert endoscopists (Oh DJ and Kim SH) performed 
the SBCE reading in a matching study. Ninety SBCE 
cases were divided into two halves (nos. 1–45 and nos. 
46–90). Two endoscopists performed whole frame read-
ing (AI non-user group) and frame-reduction reading (AI 
user group) (Fig. 1). For example, for SBCE cases of nos. 
1–45, Oh DJ performed whole frame readings and Kim 
SH performed frame reduction readings. Conversely, 
for SBCE cases of nos. 46–90, Kim SH performed whole 
frame readings and Oh DJ performed frame reduction 
readings. Immediately after the SBCE reading, the results 
of the two endoscopists were sent directly to an external 
endoscopist (Nam JH, Jung MK) for analysis.

Whole frame reading (AI non‑user group)
Two endoscopists read the whole frame SBCE images 
manually using a software viewer (MiroView, Intromedic 
Co., Ltd., Korea). According to the guideline, the reading 
speed was less than 10 frames per second in a single view 
[4]. The SBCE lesions identified during reading were cap-
tured and annotated separately using the software viewer. 
The reading time and final SBCE diagnosis were deter-
mined after the SBCE reading.

Frame reduction reading (AI user group)
Two endoscopists also performed SBCE reading using 
the frame reduction method. First, the AI ​​algorithm 
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calculated the mucosal visualization score for each SBCE 
image. Then, poorly visualized images with scores of less 
than three were removed. The remaining SBCE images 
were separately saved by AI researcher (Hwang Y) and 
uploaded to the software viewer. Subsequently, the SBCE 
images with the reduced frames was read using a soft-
ware viewer. The reading process was the same as the 
aforementioned whole frame reading.

The calculation of the mucosal visualization score in SBCE
In this study, we measured and compared the mucosal 
visualization scores in both the AI user and non-user 
groups. In the AI user group, the AI algorithm automati-
cally calculated the scores for each image in the SBCE 
using a 5-step scoring method from 1 (very poor) to 5 
(excellent). Subsequently, the scores for each image were 
summed and averaged to determine the visualization 
score of the SBCE. In the AI non-user group, the mucosal 
visualization scores were manually calculated using 
a 5-step scoring method. Similar to the conventional 
method widely used for the visualization score scale [2], 
in this study, we evaluated the scores of images at 5-min-
ute intervals using the 5-step scoring method from score 
1 (very poor) to 5 (excellent). The average of scores at 

5-minute intervals was used to determine the visualiza-
tion score of the case.

Outcomes and statistical analyses
The primary outcome was to determine whether there 
was a difference in diagnosis between whole frame read-
ing and frame reduction reading. Secondary outcomes 
were the ratio of poorly visualized images excluded by the 
AI algorithm from the whole SBCE frame, the number of 
lesion images included in poorly visualized images, and 
the difference in reading time between the AI non-user 
and the AI user groups. Student’s t-test and Chi-square 
test were used to analyze the variables. The Intraclass 
Correlation Coefficient was used to measure the diagnos-
tic concordance between the two groups. Statistical sig-
nificance was set at p < 0.05 in both univariate analyses. 
All statistical analyses were performed using IBM SPSS 
Statistics v25.

Results
Baseline characteristics and number of SBCE images
Reasons for SBCE were suspected Crohn’s disease in 43 
cases (47.8%), SB bleeding in 30 cases (33.3%), SB polyp in 
14 cases (15.6%), and chronic diarrhea in 3 cases (3.3%). 
The mean SB transit time was 287.0 ± 121.3 min. In the 

Fig. 1  Schematic diagram of this study. Expert endoscopists A and B each performed readings for half of SBCE cases with whole frame reading 
and artificial intelligence (AI) filtered frame reduction reading
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AI non-user group, the mean number of the entire SB 
images was 46,627.7 ± 20,684.7 (range 7,178 − 106,866). 
In the AI user group, the mean number of the remaining 
SB images was 27,711.3 ± 18,145.7 (range 331 − 92,877).

Mucosal visualization score calculated by the AI algorithm
Poorly visualized images identified by the AI ​​algorithm 
were 40.6% of all SBCE images (Table  1). There was 
one case in which 99% (32,613 out of 32,994 images) 
of the SBCE frames was removed by the AI algorithm. 

This case was confirmed to have overall poorly visual-
ized images due to active bleeding. The mean overall 
mucosal visualization score of the AI user group meas-
ured by the AI ​​algorithm was 3.36 ± 1.0. In each case, 
the mean score difference between the AI non-user 
group and the AI user group was 0.29 ± 0.88 (range 
0.02–2.45). When the overall visualization score was 
classified for each case, very poor, poor, fair, good, and 
excellent results were identified in 1, 22, 23, 33, and 11 
cases, respectively.

Diagnostic concordance between the AI user and non‑user 
groups
In the AI non-user group, the final SBCE diagnoses 
were Crohn’s disease in 38 cases (42.2%), bleeding in 19 
cases (21.1%), polyp in 13 cases (14.4%), angiodysplasia 
in 15 cases (16.7%), and nonspecific finding in 5 cases 
(5.6%). In the AI user group, the final SBCE diagnoses 
were Crohn’s disease in 38 cases (42.2%), bleeding in 
18 cases (20.0%), polyp in 12 cases (13.3%), angiodys-
plasia in 14 cases (15.6%), and nonspecific finding in 
8 cases (8.9%). When the diagnoses of the two groups 
were compared for each case, the diagnostic concord-
ance was statistically significant (k = 0.954, p < 0.001). 
The diagnoses were different between the two groups 
in only three cases (Fig.  2). When analyzing the three 
cases in which the diagnosis differed between the two 
groups, the AI user group was diagnosed with nonspe-
cific finding, whereas the AI non-user group was diag-
nosed with bleeding, polyp, and angiodysplasia.

Table 1  Baseline characteristics of small bowel capsule endoscopy 
(SBCE) cases

a Chronic diarrhea

Variables n = 90

Reasons for SBCE

  Suspected small bowel Crohn’s disease 43 (47.8%)

  Suspected small bowel bleeding 30 (33.3%)

  Suspected small bowel polyp 14 (15.6%)

  Othersa 3 (3.3%)

Mean small bowel transit time 287.0 ± 121.3 mins

Mean number of images in full length of small bowel 46627.7 ± 20684.7

Bowel cleanliness measured by artificial intelligence

  Mean visualization score 3.36 ± 1.0

  Very poor 1 (1.1%)

  Poor 22 (24.4%)

  Fair 23 (25.6%)

  Good 33 (36.7%)

  Excellent 11 (12.2%)

Fig. 2  Comparison of diagnosis of whole frame reading and frame reduction reading. The diagnosis according to each case was significantly 
consistent between the two groups
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Lesion images between the AI user and non‑user groups
The lesion image is defined as an image that 
includes inflamed lesion, hemorrhagic lesion, poly-
poid lesion, vascular lesion, and nonspecific lesion. 
The mean number of lesion images per case was 
3008.5 ± 9664.9 (range 4-70512) in the AI non-user 
group and 1401.7 ± 4811.3 (range 2-32327) in the 
AI user group. In this study, we did not observe any 
cases in which all lesion images were removed in the 
AI user group. The mean number of lesion images in 
the AI non-user group was 808.3 ± 1339.6 for inflamed 
lesion, 11265.6 ± 19730.6 for hemorrhagic lesion, 
1661.0 ± 2939.7 for polypoid lesion, 216.1 ± 345.6 for 
vascular lesion, and 234.4 ± 255.6 for nonspecific 
lesion. The mean number of lesion images in the AI 
user group was 414.6 ± 587.5 for inflamed lesion, 
5213.1 ± 9647.4 for hemorrhagic lesion, 582.0 ± 1273.8 
for polypoid lesion, 194.0 ± 321.6 for vascular lesion, 
and 175.6 ± 181.6 for nonspecific lesion. When AI 
algorithm was applied, the removal rates of lesion 
images for inflamed lesion, hemorrhagic lesion, poly-
poid lesion, vascular lesion, and nonspecific lesion 
were 48.7%, 53.7%, 65.0%, 10.2%, and 25.1%, respec-
tively (Table  2). The total number of removed lesion 
images was 144,612, consisting 7,367 inflamed lesion, 
112,892 hemorrhagic lesion, 7,635 polypoid lesion, 529 
vascular lesion, and 16,189 nonspecific lesion.

SBCE reading times
The SBCE reading was conducted using the same soft-
ware viewer for both groups. The mean reading time 
was 120.9 ± 45.1 min (range 25–236 min) for the AI 
non-user group and 77.9 ± 49.4 min (range 9-258 min) 
for the AI user group, resulting in the reading time 
significantly reduced by 35.6% in the AI user group 
(p < 0.001).

Discussion
This study was conducted to determine the efficiency and 
accuracy of SBCE reading after removing poorly visual-
ized images (mucosal visualization score < 3) using AI. 
We identified that frame reduction reading after remov-
ing poorly visualized images using the AI ​​algorithm sig-
nificantly reduced reading time without affecting the final 
SBCE diagnosis when compared to whole frame reading. 
Regarding the overall mucosal visualization score, the 
mean score difference between the AI ​​measurement and 
the physician measurement for each case was 0.29 ± 0.88, 
showing no significant difference.

In this study, when poorly visualized images were 
removed using AI in each case, a mean of 40.6% of the 
total SBCE images were removed. Also, when remov-
ing poorly visualized images, a mean of 53.4% ​​of total 
lesion images were removed. However, the diagnos-
tic yield was maintained because there were no cases 
in which the lesions were completely removed. SBCE 
records images at a rate of two frames per second for 
8–12 h [3]. Although it was difficult to detect SB lesions 
in poorly visualized images, there were cases in which 
disease was diagnosed by detecting the lesions in other 
adequately visualized images. In particular, in cases of 
polypoid or inflamed lesions, additional lesion images 
may be obtained because lesions can slow the passage of 
the capsule.

When comparing the AI non-user and user groups, the 
removal rates of images according to lesion were 48.7% 
for inflamed lesion, 53.7% for hemorrhagic lesion, 65.0% 
for polypoid lesion, 10.2% for vascular lesion, and 25.1% 
for nonspecific lesion. Most (112,892 out of 144,612, 
78.1%) of the removed lesion images were hemorrhagic 
lesion. Because active bleeding and/or a large amount of 
blood clots often covered the mucosa, the AI ​​algorithm 
recognized them as poorly visualized images, leading 
to their removal. Also, the removal rate of the polypoid 

Table 2  Comparison of changes in the whole frame reading and frame reduction reading after artificial intelligence filtration

a Removal rate

Variable Reading method Remark

Whole frame (n = 90) Frame reduction (n = 90)

Mean number of total images (range) 46627.7 ± 20684.7 27711.3 ± 18145.7 (331 ~ 92,877) 40.6%a

Mean number of lesion images (range) 3008.5 ± 9964.9 (4 ~ 70,512) 1401.7 ± 4811.3 (2 ~ 32,327) 53.4%a

inflamed lesion (n = 38) 808.3 ± 1339.6 (11.3%) 414.6 ± 587.5 (12.5%) 48.7%a

hemorrhagic lesion (n = 19) 11265.6 ± 19730.6 (79.1%) 5213.1 ± 9647.4 (78.5%) 53.7%a

polypoid lesion (n = 13) 1661.0 ± 2939.7 (8.0%) 582.0 ± 1273.8 (6.0%) 65.0%a

vascular lesion (n = 15) 216.1 ± 345.6 (1.2%) 194.0 ± 321.6 (2.3%) 10.2%a

nonspecific lesion (n = 5) 234.4 ± 255.6 (0.4%) 175.6 ± 181.6 (0.7%) 25.1%a

Mean reading times, mins (range) 120.9 ± 45.1 (25 ~ 236) 77.9 ± 49.4 (9 ~ 258) P < 0.001
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lesion images was higher than the mean removal rate 
(53.4%) of total lesion images. Polypoid lesions were 
often found in the distal small bowel, where mucosal 
visualization was often poor. As a result, polypoid lesion 
images were thought to have been removed more than 
other lesion images.

Because a mean of 40.6% of the SBCE images were 
removed in each case, the reading time in the frame 
reduction reading was also significantly shorter than that 
in the whole frame reading. This study was noteworthy in 
that both the AI non-user and AI user group were read 
using the same commercially available software viewer. 
A recent trend in SBCE reading using AI algorithm is 
computer-assisted lesion detection. Installing an AI 
algorithm in a software viewer is necessary to use AI in 
clinical practice [12]. In a previous study on using AI for 
detecting lesions in SBCE, it was not possible to repro-
duce the same SBCE reading as in real clinical practice 
because the AI non-user and AI user groups were read 
in different ways [13]. However, in this study, the SBCE 
reading was performed using the same software viewer, 
even after AI processing.

In our study, it was possible to calculate the SBCE 
mucosal visualization score using an AI algorithm. The 
mean difference between mucosal visualization scores 
measured by physicians and the AI ​​algorithm was simi-
lar with a difference of 0.29 ± 0.88. In most cases, the dif-
ferences in scores between physicians and AI ​​algorithm 
were less than one point in each case. However, a dif-
ference of more than two points was confirmed in four 
cases. In all cases, the physicians judged the visualization 
score to be lower than the AI. In the AI non-user group, 
subjective judgment and inter-observer variation should 
be considered because the physician measured the visu-
alization score simultaneously with the SBCE reading 
[14]. The guideline recommends maintaining adequate 
bowel preparation in more than 95% of elective SBCE [5]. 
The purpose of bowel preparation for SBCE was to read 
images more accurately by reducing poor visualization. 
However, there were still controversies about the opti-
mal bowel preparation method, type, and time for SBCE 
[5, 15–17]. According to a recent randomized controlled 

trial, bowel preparation before SBCE did not improve the 
diagnostic yield and mucosal visualization compared to 
clear fluids only [18]. Although manual and AI calcula-
tion methods have been proposed for measuring bowel 
preparation quality [5, 19], there is no clear consensus 
regarding the measurement of SB cleanliness. There-
fore, further studies using the AI algorithm are needed to 
investigate the effect of bowel preparation on full-length 
SBCE video and the consistency of bowel preparation 
scores with expert endoscopists.

Although the results of our study were good, we con-
sidered it challenging to apply this frame reduction 
method into real clinical practice. This study had several 
limitations. The most important limitation is the possibil-
ity that AI can erase meaningful frames containing sig-
nificant lesions (Fig.  3). Significant lesions obscured by 
blood and intestinal debris may be missed. Of course, in 
this study, there was no difference in diagnostic accuracy 
because lesions were found in other images; however, 
errors can occur when using the frame reduction reading 
method alone. In this study, 3 cases had diagnostic differ-
ences between the two examiners. One polyp, one bleed-
ing, and one angiodysplasia were misdiagnosed in the 
AI user group. When the AI removed poorly visualized 
images, significant lesions were also removed, and the AI ​​
user group diagnosed these cases as nonspecific finding. 
Therefore, frame reduction reading should be used as an 
adjunct to AI algorithms integrated with lesion detec-
tion reading. For example, after lesion detection using AI, 
poorly visualized images can be removed by frame reduc-
tion to provide sharp and clear images. Second, there 
were few participating endoscopists and SBCE cases 
in our study because this study was conducted at a sin-
gle center. The effectiveness of frame reduction reading 
should be confirmed in a multicenter, large-scale study 
in the future. Third, the MiroCam used in this study 
has not been approved in some regions and has a small 
market share worldwide. Therefore, further studies on 
other types of SBCEs will also be needed. Finally, in the 
frame reduction reading of this study, it was necessary 
to remove poorly visualized images and subsequently 
save and upload the remaining images. Therefore, there 

Fig. 3  Examples of lesions removed while filtering out the poorly visualized images. Visibility of the mucosa was not good, but bleeding, vascular 
lesion, inflamed lesion and polypoid lesions were observed from left to right
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is a need for the development of software capable of real-
time removal of poorly visualized images and merging 
the remaining images during SBCE reading.

Conclusions
This study demonstrates the possibility of utilizing AI 
frame reduction methods, other than automatic lesion 
detection, for SBCE reading. Despite several limitations, 
our results will help expand AI-assisted SBCE readings 
in various multi-tasking ways and settle them into clini-
cal practice [20]. Frame reduction reading, which auto-
matically removes poorly visualized images using an AI 
algorithm, can shorten reading time without affecting 
the final SBCE reading. AI-assisted lesion detection is 
essential for physicians who read SBCE. However, addi-
tional studies are also needed to fully believe the results 
of SBCE reading using AI-assisted lesion detection alone. 
Frame reduction reading may serve as a bridge between 
conventional and AI-assisted reading.

Abbreviations
AI	� Artificial intelligence
SBCE	� Small bowel capsule endoscopy
GI	� Gastrointestinal

Acknowledgements
This work was supported by the National Research Foundation of Korea (NRF) 
grant (2021R1G1A1094851) funded by the Korea government (MSIT).

Authors’ contributions
Oh DJ conducted the SBCE reading, analyzed and interpreted the patient data, 
and drafted the work. Hwang Y analyzed and interpreted the patient data. 
Kim SH, Nam JH, and Jung MK conducted the SBCE reading. Lim YJ supervised 
the process and revised the work. All authors read and approved the final 
manuscript.

Funding
This research was supported by a grant (Grant Number: HI19C0665) from the 
Korean Health Technology R & D project through the Korean Health Industry 
Development Institute (KHIDI) funded by the Ministry of Health & Welfare and 
National Research Foundation of Korea grant (2021R1G1A1094851) funded by 
the Korea government, Republic of Korea.

Availability of data and materials
The datasets generated and/or analyzed during the current study are not pub-
licly available because national projects related to companies but are available 
from the corresponding author upon reasonable request.

Declarations

Ethics approval and consent to participate
Informed consent for study participation was obtained from all the subjects. 
This study protocol was conducted in accordance with the guidelines of the 
Declaration of Helsinki. It was approved by the Institutional Review Board of 
the Dongguk University Ilsan Hospital (DUIH IRB No. 2018-10-009).

Consent for publication
Not applicable.

Competing interests
The authors declare no competing interests.

Received: 24 January 2023   Accepted: 4 February 2024

References
	1.	 Pennazio M, Spada C, Eliakim R, Keuchel M, May A, Mulder CJ, et al. Small-

bowel capsule endoscopy and device-assisted enteroscopy for diagnosis 
and treatment of small-bowel disorders: European Society of Gastrointes-
tinal Endoscopy (ESGE) clinical guideline. Endoscopy. 2015;47(4):352–76.

	2.	 Enns RA, Hookey L, Armstrong D, Bernstein CN, Heitman SJ, Teshima C, 
et al. Clinical practice guidelines for the use of video capsule endoscopy. 
Gastroenterology. 2017;152(3):497–514.

	3.	 Committee AT, Wang A, Banerjee S, Barth BA, Bhat YM, Chauhan S, et al. 
Wireless capsule endoscopy. Gastrointest Endosc. 2013;78(6):805–15.

	4.	 Rondonotti E, Spada C, Adler S, May A, Despott EJ, Koulaouzidis A, et al. 
Small-bowel capsule endoscopy and device-assisted enteroscopy for 
diagnosis and treatment of small-bowel disorders: European Society 
of Gastrointestinal Endoscopy (ESGE) technical review. Endoscopy. 
2018;50(4):423–46.

	5.	 Spada C, McNamara D, Despott EJ, Adler S, Cash BD, Fernandez-Urien 
I, et al. Performance measures for small-bowel endoscopy: a European 
Society of Gastrointestinal Endoscopy (ESGE) quality improvement initia-
tive. Endoscopy. 2019;51(6):574–98.

	6.	 Niv Y. Efficiency of bowel preparation for capsule endoscopy examina-
tion: a meta-analysis. World J Gastroenterol. 2008;14(9):1313–7.

	7.	 Xavier S, Rosa B, Monteiro S, Arieira C, Magalhaes R, Curdia Goncalves T, 
et al. Bowel preparation for small bowel capsule endoscopy - The later, 
the better! Dig Liver Dis. 2019;51(10):1388–91.

	8.	 Yung DE, Plevris JN, Leenhardt R, Dray X, Koulaouzidis A, Group ESBRW. 
Poor quality of small Bowel Capsule Endoscopy images has a significant 
negative effect in the diagnosis of small bowel malignancy. Clin Exp 
Gastroenterol. 2020;13:475–84.

	9.	 Nam JH, Hwang Y, Oh DJ, Park J, Kim KB, Jung MK, et al. Development of 
a deep learning-based software for calculating cleansing score in small 
bowel capsule endoscopy. Sci Rep. 2021;11(1):4417.

	10.	 Nam JH, Oh DJ, Lee S, Song HJ, Lim YJ. Development and verification of 
a deep learning algorithm to evaluate small-bowel preparation quality. 
Diagnostics (Basel). 2021;11(6):1127.

	11.	 Ding Z, Shi H, Zhang H, Meng L, Fan M, Han C, et al. Gastroenterologist-
level identification of small-bowel diseases and normal variants by 
capsule endoscopy using a deep-learning model. Gastroenterology. 
2019;157(4):1044–54.

	12.	 Dray X, Iakovidis D, Houdeville C, Jover R, Diamantis D, Histace A, et al. 
Artificial intelligence in small bowel capsule endoscopy - current status, 
challenges and future promise. J Gastroenterol Hepatol. 2021;36(1):12–9.

	13.	 Park J, Hwang Y, Nam JH, Oh DJ, Kim KB, Song HJ, et al. Artificial 
intelligence that determines the clinical significance of capsule 
endoscopy images can increase the efficiency of reading. PLoS One. 
2020;15(10):e0241474.

	14.	 Dray X, Houist G, Le Mouel JP, Saurin JC, Vanbiervliet G, Leandri C, 
et al. Prospective evaluation of third-generation small bowel capsule 
endoscopy videos by independent readers demonstrates poor repro-
ducibility of cleanliness classifications. Clin Res Hepatol Gastroenterol. 
2021;45(6):101612.

	15.	 Gkolfakis P, Tziatzios G, Dimitriadis GD, Triantafyllou K. Meta-analysis of 
randomized controlled trials challenging the usefulness of purgative 
preparation before small-bowel video capsule endoscopy. Endoscopy. 
2018;50(7):671–83.

	16.	 Bahar R, Gupta A, Mann SK. Clear liquids versus polyethylene glycol prep-
aration for video capsule endoscopy of the small bowel: a randomized 
controlled trial. Digestion. 2019;99(3):213–8.

	17.	 Wu S, Zhong L, Zheng P, Wang YG, Ding WQ, Yu Q, et al. Low-dose and 
same day use of polyethylene glycol improves image of video capsule 
endoscopy: a multi-center randomized clinical trial. J Gastroenterol 
Hepatol. 2020;35(4):634–40.

	18.	 Lamba M, Ryan K, Hwang J, Grimpen F, Lim G, Cornelius D, et al. Clinical 
utility of purgative bowel preparation before capsule endoscopy: a 
multicenter, blinded, randomized controlled trial. Gastrointest Endosc. 
2022;96(5):822–8e1.



Page 8 of 8Oh et al. BMC Gastroenterology           (2024) 24:80 

	19.	 Messmann H, Bisschops R, Antonelli G, Libanio D, Sinonquel P, Abdelra-
him M, et al. Expected value of artificial intelligence in gastrointestinal 
endoscopy: European Society of Gastrointestinal Endoscopy (ESGE) posi-
tion statement. Endoscopy. 2022;54(12):1211–31.

	20.	 Tang S, Yu X, Cheang CF, Liang Y, Zhao P, Yu HH, et al. Transformer-based 
multi-task learning for classification and segmentation of gastrointestinal 
tract endoscopic images. Comput Biol Med. 2023;157:106723.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Reading of small bowel capsule endoscopy after frame reduction using an artificial intelligence algorithm
	Abstract 
	Objectives 
	Methods 
	Results 
	Conclusions 

	Introduction
	Patients and methods
	Study data source and variables
	Frame reduction of poorly visualized images using AI algorithm
	SBCE reading methods with the whole frame and frame reduction reading
	Whole frame reading (AI non-user group)
	Frame reduction reading (AI user group)

	The calculation of the mucosal visualization score in SBCE
	Outcomes and statistical analyses

	Results
	Baseline characteristics and number of SBCE images
	Mucosal visualization score calculated by the AI algorithm
	Diagnostic concordance between the AI user and non-user groups
	Lesion images between the AI user and non-user groups
	SBCE reading times

	Discussion
	Conclusions
	Acknowledgements
	References


